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Abstract 

The Fourth Industrial Revolution (4IR) has transformed organizations by integrating advanced technologies like artificial 
intelligence (AI), the internet of things (IoT), and big data analytics into their operations. This study explores how Knowledge 
Management (KM) and Business Intelligence (BI) contribute to improved business outcomes. BI supports data-driven decision-
making, while KM fosters sustainability, collaboration, and innovation, giving businesses a competitive edge. The research examines 
KM and BI strategies across various industries, including healthcare, business, finance, academia, and government, using a mixed-
methods approach with regression analysis, sentiment analysis, and descriptive statistics. A survey of 500 industry professionals 
revealed that healthcare and industrial sectors were the most motivated to adopt these technologies, while retail and public 
management were less inclined. Sentiment analysis of discussions highlighted concerns about privacy and job displacement, but  
also optimism about the potential benefits. Benchmarking pointed to the need for improvements in knowledge sharing, data accuracy, 
and system integration. Predictions suggest that by 2030, the increased use of KM and BI will enhance operational efficiency,  
employee engagement, and return on investment (ROI). 

Keywords: Digital transformation, AI, the Internet of things, Knowledge Management, Artificial Intelligence, and the Fourth 

Industrial Revolution. 

 

Introduction 

Background of the Study 

Importance of Knowledge Management (KM) and Business Intelligence (BI) 

In the Fourth Industrial Revolution (4IR), companies aiming to remain competitive in a fast-
changing marketplace recognize the strategic value of knowledge. Knowledge Management 
(KM) systems are crucial as they help organizations leverage existing knowledge and foster the 
creation of new insights. This capability is key to staying ahead in 4IR and driving success. KM 
also promotes continuous innovation. By effectively managing information, businesses create 
an environment that encourages creativity and responsiveness to market changes and customer 
needs. On the other hand, Business Intelligence (BI) tools allow businesses to analyze vast 
amounts of data to make informed, timely decisions. This data-driven approach enables 
organizations to adjust strategies in real-time to meet the demands of the 4IR landscape. KM 
enhances teamwork by facilitating the flow of information among employees, fostering 
collaboration, and encouraging cooperative problem-solving. In the 4IR, where interdisciplinary 
collaboration is critical, KM supports creativity and the development of innovative solutions. As 
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technological tools like cyber-physical systems (CPS) and AI play an increasingly important 
role, KM strategies must adapt to ensure smooth information flow between human and machine 
teams. These strategies also help organizations address skill gaps by developing targeted training 
programs, enabling workers to thrive in a tech-driven workplace. In addition to these practical 
benefits, KM and BI play a significant role in sustainability. They guide businesses in making 
smart, long-term decisions that align with sustainable development goals. By integrating KM 
with BI, organizations can enhance efficiency, foster innovation, bridge talent gaps, collaborate 
more effectively, and adopt sustainable practices, ensuring their success in the 4IR. 

Problem Statement 

There are a number of tests associated with integrating KM and BI with 4IR requests. Concerns 
about handling the complex data generated by 4IR skills, such the Internet of Things and 
artificial intelligence, are of the greatest importance. Many organisations struggle to effectively 
utilise this data, which reduces the efficacy of their knowledge management and business 
intelligence schemes.  Another challenge is mixing cutting-edge 4IR technology with older, 
more old-style KM and BI systems. Traditional substructures may be incompatible with 
emerging skills like cyber-physical systems and machine learning, creation it harder to achieve 
unified human-machine teamwork.  

Research Objectives  

• To examine how different industries have started using Knowledge Management (KM) 
and Business Intelligence (BI) strategies, and how those strategies have affected company 
performance. 

• Assess the Impact of Knowledge Management and Business Intelligence on 
Sustainability, Innovation, and Decision-Making Efficiency.  

• To analyse the application of KM and BI in both large and small organisations, finding 
areas where improvements may be made.  

• Using sentiment analysis, investigate how the general public views KM and BI in the 
context of Industry 4.0.  

• To better align organisational KM and BI indicators with industry standards through 
benchmarking.  

• To foresee and handle possible problems with KM and BI adoption, return on 
investment, and participation in the future.  
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Conceptual Model of the Study  

 

 

 

 

 

 

 

 

Knowledge Management (KM) and Business Intelligence (BI) both have separate but 
complementary effects on organisational performance, as shown in the framework. Knowledge 
management (KM) and business intelligence (BI) are two of the most important tools for meeting 
the challenges of the Fourth Industrial Revolution in terms of operational efficiency, innovation, 
and the quality of decisions made. 

Review of Literature 

Literature on the Knowledge Management Role in Digital Transformation 

Knowledge Management (KM) is key to digital transformation as it helps organizations create, 
share, and apply knowledge, boosting innovation and decision-making (Sergio, 2022). KM 
makes it easier to adapt to new conditions and seize opportunities. However, challenges like 
focusing too much on technology and not enough on human factors can hinder successful 
technology integration, showing the need for tailored solutions and further research. 

Rumman (2020) defines knowledge management (KM) as the systematic process of gathering, 
organizing, and utilizing information to foster innovation and maintain competitiveness. In the 
digital age, adapting to change requires dynamic KM processes, as seen in Nonaka and 
Takeuchi's SECI model. Effective KM enhances collaboration, communication, and efficiency, 
enabling businesses to thrive in a fast-paced, digital environment. 

Ana (2020) defines knowledge management (KM) as the process of creating, sharing, and 
managing organizational knowledge to enhance efficiency and innovation. Digital 
transformation heavily depends on KM, with the SECI model emphasizing continuous 
knowledge creation and transfer. While KM provides a competitive edge, its adoption in the 
public sector faces challenges like cultural resistance and complex structures, requiring further 
research on effective KM strategies. 

Review of Litereture 

Rajiv Mahajan (2024) highlights the evolution of business intelligence (BI) from its 1865 origins 
as a data-gathering tool to a sophisticated system leveraging cloud computing, AI, and ML. BI's 
ability to process real-time data is crucial for informed decision-making, particularly in Industry 
4.0. Despite challenges like poor data quality, advancements in self-service technology and big 
data analytics ensure BI continues to offer businesses strategic insights and value. 

Knowledge 

Management 

Business 

Intelligence 

Organisational 

Performance 
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In 2023, da Costa Neto emphasizes that business intelligence (BI) has become an essential tool 
for modern companies, offering valuable insights through data analysis. In Industry 4.0, where 
real-time data is crucial for decision-making, BI integrates with systems like dashboards and 
reports to enhance operational management. BI, when combined with the Internet of Things 
(IoT), automates processes and improves efficiency by collecting large datasets from networked 
devices. Studies show that BI optimizes supply chains, streamlines operations, and improves 
product quality, with skilled staff being key to leveraging BI's full potential. Real-time 
production monitoring and predictive analytics further highlight BI's role in creating responsive 
and agile business operations. 

Choi (2022) states that Business Intelligence (BI) is a set of technologies and methods that help 
businesses turn historical data into actionable insights, crucial for staying competitive. In 
Industry 4.0, the demand for fast, accurate decisions has led BI to evolve from basic reporting 
tools into sophisticated systems that integrate multiple databases. By combining BI with big data 
and IoT, companies can leverage real-time data analysis for decision-making. Key BI tools like 
performance tracking, predictive analytics, and customer relationship management help identify 
patterns and enhance consumer experiences. Despite challenges like complex data integration 
and the need for skilled personnel, Choi emphasizes that BI remains essential for strategic 
decision-making, offering businesses a competitive edge. 

Kateryna (2023) explains that Business Intelligence (BI) involves using methods and tools to 
analyze business data for better decision-making. Advances in data storage and processing have 
transformed BI from simple reporting tools to sophisticated systems capable of handling large, 
unstructured data. In Industry 4.0, where data exchange and automation are central, BI integrates 
multiple data sources to provide a comprehensive view, improving decision-making. Tools like 
performance management, data visualization, and predictive analytics help identify patterns, 
streamline workflows, and forecast outcomes. By leveraging BI’s data-driven decision-making 
capabilities, businesses can enhance processes, stay competitive, and ultimately improve 
customer satisfaction. BI plays a crucial role in making strategic choices in the Industry 4.0 
landscape, offering benefits like time and cost savings, as well as efficient data analysis. 

Wanigasekara (2022) examines the integration of Knowledge Management (KM) and Business 
Intelligence (BI), highlighting their potential synergy. While KM views organizational 
information as a valuable asset, BI enhances decision-making through data analysis. The Internet 
of Things (IoT) enables real-time data flow, boosting operational agility, and Artificial 
Intelligence (AI) automates knowledge capture and retrieval. When combined with big data 
analytics, BI and KM create a feedback loop of continuous knowledge and adaptation, essential 
for thriving in the fast-evolving 4IR landscape. This integration enhances organizational 
intelligence, leading to better decisions and improved performance. 

Hamed (2023) examines how organizations can enhance learning and decision-making by 
integrating Fourth Industrial Revolution (4IR) technologies with Knowledge Management (KM) 
and Business Intelligence (BI). BI aims to transform raw data into actionable insights, while KM 
focuses on driving innovation through these insights. By combining AI, IoT, and big data 
analytics, organizations can maximize data utilization. The IoT provides real-time insights that 
boost operational efficiency, while AI automates knowledge processes to uncover patterns in 
large datasets, refining KM procedures. Big data analytics enhances BI and KM, enabling more 
efficient information sharing and competitive business strategies. Hamed emphasizes the 
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importance of research into frameworks that integrate KM and BI with 4IR technologies to foster 
innovation, continuous knowledge, and high organizational performance. 

Sunaina (2024) examines the transformative impact of 4IR technologies such as AI, IoT, and 
big data on businesses. AI boosts organizational efficiency by enabling machines to learn, make 
decisions, and automate tasks previously performed by humans. A key component of this 
revolution is automation, such as Robotic Process Automation (RPA), which enhances 
operational efficiency, reduces errors, and allows employees to focus on more strategic tasks. 
Additionally, 4IR transforms customer service by enabling businesses to analyze customer data 
and offer personalized experiences that enhance customer retention. Integrating AI into 
knowledge management systems fosters collaboration and innovation, giving companies a 
competitive advantage. Sunaina emphasizes that 4IR drives agile organizational structures, 
focusing on technology's ability to enhance efficiency, innovation, and customer engagement, 
ultimately revolutionizing business operations and communication. 

Research Gap 

The literature on digital transformation emphasizes Knowledge Management's (KM) role in 
adapting to new digital landscapes and driving innovation, but many challenges remain, such as 
overcoming cultural resistance and fostering collaboration. There's a lack of sector-specific 
research, particularly in industries like public administration and SMEs, and limited real-world 
examples and empirical evidence of KM and Business Intelligence (BI) integration in Industry 
4.0. Additionally, research on incorporating consumer feedback into KM processes and the 
effects of integrating mobile technologies and social networks on collaboration is scarce. 
Addressing these gaps through targeted research will help organizations leverage KM more 
effectively for sustainable digital transformation. 

Research Methodology 

Research Design 

The research combines qualitative and quantitative techniques in a mixed-methods strategy. 
Quantitative insights were offered by regression analysis and sentiment analysis, while 
descriptive statistics were utilised to comprehend the adoption and impact of KM and BI 
techniques across industries. 

Data Collection Methods 

• Various businesses utilise surveys and questionnaires to get comments from employees 
regarding BI and KM processes. 

• Case studies and interviews with industry experts were used to investigate KM and BI 
problems and their solutions. 

• Information gathered from secondary sources: sites like Twitter, LinkedIn, blogs, and 
forums; data extracted using web scraping and application programming interfaces for sentiment 
analysis. 

Data Sources 

Data from many organisations across various industries were analysed in the study, including: 

Manufacturing, Healthcare, Retail, Finance, Education. 
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Tools and Techniques 

Use of evocative statistics, which include measures such as median, mean, and standard 
deviation, allowable for the summarisation of data designs and erraticism. With the use of 
regression analysis, we looked at how BI tools affected the effectiveness of decision-making and 
how KM practices affected innovation and productivity. To categorise public sentiment as good, 
neutral, or negative, sentiment analysis made use of Python tools like NLTK, TextBlob, and 
VADER. For efficient data analysis and visualisation, business intelligence tools like dashboards 
and predictive analytics were used. 

Sample Size 

There were 500 respondents from different industries in the survey.  

Industries No.of.Respondents 

Manufacturing 120 

Healthcare 100 

Retail 90 

Finance 80 

Education 60 

Public Administration 50 

Analysis and Discussion 

 

Statements Mean Median  SD Industries 

At my company, we really value 
knowledge production and sharing as a 
means to support sustainability 
initiatives.  

4.5 4.0 0.5  
 
Manufacturing 

To ensure our company's success in the 
long run, we value open communication 
and welcome new ideas from all 
employees. 

4.2 4.0 0.7 Healthcare 

By making use of previously acquired 
information, our business efficiently 
implements sustainable practices. 

4.0 3.9 0.7 Retail 

By utilising the knowledge gained from 
previous initiatives, we can enhance our 
sustainability performance. 

4.2 4.0 0.6 Finance 

The availability of information sources 
contributes to the long-term viability of 
my company. 

4.4 4.0 0.6 Education 

Knowledge management allows for 
efficient decision-making regarding 
sustainability-related matters. 

4.2 4.0 0.5  
 
Manufacturing 

Through data-driven decision-making, 
my company's BI tools help achieve 
sustainability goals. 

4.1 4.0 0.6 Healthcare 
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Using business information, our 
company is better able to address 
environmental challenges. 

4.0 4.0 0.7 Retail 

"With the use of BI technologies, we 
can maximise efficiency while reducing 
our environmental footprint." 

3.9 4.0 0.8 Finance 

The application of dashboards and 
predictive analytics can significantly 
improve sustainability measurements. 

4.3 4.0 0.5 Education 

"Financial, social, and environmental 
sustainability objectives can be better 
monitored with the use of BI systems." 

4.2 4.0 0.6  
 
Manufacturing 

Using KM and BI, our company is 
making strides to reduce its 
environmental effect. 

4.4 4.0 0.4 Healthcare 

Table 1 Descriptive Statistics 

The descriptive statistics reveal industry-specific perceptions of Knowledge Management (KM) 
and Business Intelligence (BI) in supporting sustainability. In manufacturing, KM’s role in 
knowledge sharing for sustainability scored highest (mean = 4.5, SD = 0.5), with a strong 
endorsement for efficient decision-making (mean = 4.2, SD = 0.5). Healthcare highlighted KM's 
role in communication and sustainability efforts (mean = 4.2, SD = 0.7) and BI’s impact on 
reducing environmental impact (mean = 4.4, SD = 0.4). In retail, there was more variability in 
views on using prior knowledge for sustainable practices (mean = 4.0, SD = 0.7). Finance had a 
positive outlook on using past knowledge for sustainability (mean = 4.2, SD = 0.6), but more 
variation in BI's efficiency (mean = 3.9, SD = 0.8). Education valued information accessibility 
and analytics for sustainability (mean = 4.4, SD = 0.6). Overall, while industries recognize the 
value of KM and BI in sustainability, there are variations that suggest room for improvement, 
particularly in retail and finance. 
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Figure 1 : Industry-Wide Averages for Sustainability-Focusing KM and BI Practices 

The graph highlights that industries like healthcare and manufacturing show consistently high 
scores in using Knowledge Management (KM) and Business Intelligence (BI) for sustainability, 
indicating advanced adoption. Meanwhile, the retail and finance sectors show moderate adoption 
with some gaps in efficiency and environmental impact reduction. The education sector focuses 
on information exchange and long-term planning, as seen in its use of data analytics. This 
analysis emphasizes the value of industry-specific KM and BI strategies to improve operational 
efficiency and sustainability, underscoring the need for tailored approaches to address sector-
specific challenges. 

Comparative Analysis 

A comparative study can highlight the effectiveness and adoption of Knowledge Management 
(KM) and Business Intelligence (BI) across industries and company sizes. By comparing fast-
transforming industries (e.g., tech) with slower ones (e.g., public administration), and SMEs 
with large enterprises, it will identify patterns and gaps to optimize KM and BI strategies and 
improve organizational performance. 

 

Industry / 

Organisation Size 

KM Adoption 

Level (%) 

BI Adoption Level 

(%) 

Impact on 

Performance 

(Score) 

SMEs-Tech 75 80 4.0 
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Large Corporations - 
Tech 

90 92 4.5 

SMEs – 
Manufacturing 

70 72 3.8 

Large Corporation- 
Manufacturing 

88 89 4.4 

SMEs-Public 
Administration 

50 45 3.2 

Large Corporations – 
Public 
Administration 

65 60 3.7 

Table 2 Comparative Analysis 

The comparative analysis shows that KM and BI adoption differs across industries and company 
sizes. Large tech firms lead in KM (90%) and BI (92%), with a high performance impact (4.5), 
while SMEs in tech show moderate adoption (75% KM, 80% BI) and a score of 4.0. In 
manufacturing, large firms have high adoption rates (88% KM, 89% BI) and a performance 
score of 4.4, while SMEs lag (70% KM, 72% BI) with a score of 3.8. Public administration 
shows the slowest adoption, with large firms at 65% KM and 60% BI (score of 3.7) and SMEs 
lower (50% KM, 45% BI) with a score of 3.2. Larger firms, especially in tech and manufacturing, 
outperform SMEs, while public administration struggles with inefficiency and reluctance to 
embrace new technology. Targeted strategies are essential to help SMEs and slower industries 
leverage KM and BI for improved performance. 

 

In Figure 2 we can see the consequences of evaluating the application of knowledge management 
and business intelligence by subdivision and company scope. 
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These results make it quite obvious that specialised assistance agendas are required for 
community management and SMEs. These businesses may make better use of KM and BI to 
boost performance and propel sustainability in their fields if they overcome obstacles like limited 
resources and reluctance to change. 

 

IV DV Regression 

coefficient 

P Value R2 Value Analysis 

KM 

Practices 

Innovation 0.65 0.002 0.72 Innovation is 
greatly 
influenced by 
KM 
practices, 
which 
account for 
72% of the 
variation. 

KM 

Practices 

Productivity 0.78 0.001 0.81 With 81% of 
the variation 
explained, 
KM practices 
significantly 
boost output. 

BI Tools Decision 

Making 

Efficiency 

0.83 0.0005 0.85 Decision-
making 
efficiency is 
greatly 
enhanced by 
BI tools, 
which 
explain 85% 
of the 
variation. 

Table 3 Regression Analysis 

Regression analysis reveals that KM practices have a significant impact on innovation, with a 
regression coefficient of 0.65 and explaining 72% of the variance (R² = 0.72). KM practices are 
crucial for fostering innovation in businesses. They also have a strong effect on productivity, 
accounting for 81% of the variance (R² = 0.81) and with a regression coefficient of 0.78, 
highlighting their role in enhancing organizational output. BI tools have the most substantial 
impact, with a regression coefficient of 0.83 and explaining 85% of the variation (R² = 0.85), 
underscoring their importance in improving decision-making efficiency. Overall, the results 
demonstrate that both KM practices and BI tools significantly contribute to organizational 
performance, with high explanatory power (high R² values). 

Sentiment Analysis 

To analyze public sentiment on Knowledge Management (KM) and Business Intelligence 

(BI) in 4IR, we will: 
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1. Collect Data – Use APIs or web scraping to gather posts from Twitter, Reddit, 

LinkedIn, blogs, and forums focusing on 4IR, KM, and BI. 

2. Preprocess Text – Clean data by removing punctuation, stop words, and tokenizing 

text using NLTK or spaCy. 

3. Perform Sentiment Analysis – Use NLTK, TextBlob, or VADER to classify 
sentiments as positive, neutral, or negative. 

4. Analyze Trends – Identify patterns in public perception using keywords, hashtags, 

and context. 

 

Platf

orm 

Total 

Post 

Anal

ysed 

Positi

ve 

Senti

ment 

(%) 

Neutr

al 

Senti

ment 

(%) 

Negat

ive 

Senti

ment 

(%)  

Positiv

e 

Sentim

ent 

Neutral 

Sentime

nt 

Negativ

e 

Sentim

ent  

Key 

Observ

ations 

Twitt

er 

1500

0 

45% 30% 25% "KM 
and BI 
are 
transfor
ming 
industri
es with 
AI and 
ML." 
 

"Adoptio
n of KM 
and BI in 
4IR 
depends 
on 
industry 
needs." 
 

"4IR 
technol
ogies 
are 
making 
jobs 
redunda
nt in 
many 
industri
es." 

Optimis
m 
fuelled 
by 
enthusia
sm for 
AI and 
BI 
automati
on in 
knowled
ge 
manage
ment 
and 
analytics
. 

Redd

it 

7000 40% 35% 25% "Data-
driven 
decisio
ns are 
helping 
compan
ies 
innovat
e." 

"BI tools 
can be 
useful, 
but 
impleme
ntation 
takes 
time." 

"Privac
y issues 
with 
KM 
systems 
are a 
major 
concern
." 

Opinion
s vary 
due to 
worries 
about 
privacy 
and job 
loss. 

Link

edIn 

5000 55% 30% 15% "4IR is 
the 
future, 
and 
busines

"Some 
industries 
are 
slower in 
adopting 

"The 
costs of 
deployi
ng BI 
systems 

Reaction
s from 
experts 
using 
4IR 
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ses 
must 
embrac
e KM." 

4IR 
technolog
ies." 

are too 
high for 
small 
firms." 

technolo
gies are 
positive. 

Blogs 3000 50% 20% 30% "Autom
ation in 
BI is 
improvi
ng 
operati
onal 
efficien
cy." 

The 
effects of 
4IR differ 
dependin
g on the 
sector 
and 
location. 
 

"There's 
too 
much 
hype 
around 
4IR 
without 
practica
l 
solution
s." 

The 
discussi
ons 
revolve 
around 
the 
potential 
benefits 
and 
moral 
dilemma
s of 4IR. 

Foru

ms 

2000 35% 40% 25% "Integra
tion of 
KM 
with 
IoT is a 
game-
changer
." 

"Discussi
on on 
KM's role 
in 4IR 
continues 
to grow." 

"Lack 
of 
skilled 
professi
onals 
hamper
s KM 
and BI 
adoptio
n." 
 

As users 
consider 
the 
benefits 
and 
drawbac
ks of 
KM and 
BI in 
4IR 
applicati
ons, a 
generall
y neutral 
feeling 
prevails. 

Table 4 Sentiment Analysis 

The sentiment analysis across platforms reveals varied perspectives on KM and BI in 4IR 
applications. On Twitter, 45% of users express optimism about AI and automation, though 30% 
are neutral, citing industry-specific adoption needs, and 25% are concerned about job 
redundancy. Reddit shows 40% positivity towards data-driven decisions and BI tools for 
innovation, with 35% cautious about implementation and 25% focused on privacy concerns. 
LinkedIn users are mostly positive (55%), agreeing that businesses must embrace KM in 4IR, 
while 30% are neutral about industry adoption speed and 15% express concerns about high costs. 
On blogs, 50% show enthusiasm for automation benefits, but 20% are neutral about 4IR’s sector 
impact, and 30% remain skeptical about the hype. Forums have 35% positive sentiment, 
discussing KM’s role with IoT, but 40% remain neutral, and 25% worry about skilled 
professional shortages. These varying sentiments show both excitement and concerns around 
KM, BI, and their role in 4IR technologies. 
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Figure 3 Evaluation of 4IR Apps' KM and BI Attitudes across All Available Mediums 

Professional and industry-specific conversations fuel the most favourable sentiment on LinkedIn 
and blogs. Reddit and online forums are known for their more even-handed discussions and 
viewpoints on contentious topics like data privacy and job loss. All platforms constantly display 
negative sentiment, with common concerns such as job redundancy, high expenses, and privacy 
issues being highlighted. 

Bench Marking Analysis 

 

Parameter Organisation 

Metric 

Industry 

Benchmark 

Analysis Industries 

Knowledge 
sharing 
frequency 

75 interactions / 
month 

100 interactions 
/ month 

Reduced 
frequency of 
knowledge-
sharing actions is 
necessary to meet 
industry 
benchmarks. 

Technology 

Data accuracy 92% accurate 
data 

98% accurate 
data 

"Close to industry 
benchmark, but 
improvements 

Finance 



1664 Integrating Knowledge Management and Business Intelligence 

Journal of Posthumanism 

 

 

needed to achieve 
98% accuracy." 

KM systems 
maturity level 

Level 3 
(Defined) on 
KMMM 

Level 4 
(Managed) on 
KMMM 

Level of maturity 
has been 
identified, 
however it is not 
yet managed; 
process 
optimisation is 
necessary.  

Healthcare 

BI system 
Integration 

50% integration 
with core 
system 

80% integration 
with core 
systems 

"Integration is 
moderate; 
substantial 
improvement 
needed for 
alignment with 
industry 
standards." 

Retail 

Employee 
engagement in 
KM/BI 
initiatives 

65% 
participation 
rate 

85% 
participation 
rate 

We need more 
effective KM/BI 
efforts because 
employee 
engagement is 
below industry 
levels. 

Education 

Table 5 Bench Mark Analysis 

The organization manages 75 knowledge-sharing interactions per month, below the tech industry 
benchmark of 100, indicating a need for more initiatives to boost collaboration. Data accuracy 
stands at 92%, slightly below the financial sector's 98% standard, highlighting room for 
improvement in reliability. The organization's KM system is at Level 3 (Defined) on the 
Knowledge Management Maturity Model, needing optimization to reach the Level 4 (Managed) 
standard. Core system integration with BI is at 50%, below the retail average of 80%, suggesting 
potential for improvement. Employee involvement in KM/BI projects is at 65%, well below the 
85% norm in education, requiring more effective engagement strategies. 
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Figure 4 Organisational KPIs and Industry Standards for Knowledge Management and Business 
Intelligence 

Every metric shows that the company is falling short of the competition, but the disparities are 
most in the areas of knowledge exchange, business intelligence system integration, and staff 
engagement. The company can improve its performance, get in line with industry norms, and 
become more competitive in the 4IR landscape if it takes targeted efforts, optimises its processes, 
and upgrades its systems to address these gaps. 

Predictive Analysis 

Through the examination of potential adoption patterns, possibilities in AI-driven systems, and 
dangers such as cybersecurity and regulatory hurdles, the study foretells the future influence of 
KM and BI in Industry 4.0. To stay competitive in the industry 4.0 space, it gives practical advice 
on how to optimise investments, boost engagement, and maximise return on investment (ROI). 

 

Parameter Current Metric Predicted Metric Analysis 

Adaption Rate 
Growth 

15% annual growth"  
 

25% annual growth Innovations in 
artificial intelligence 
and big data are 
expected to hasten 
the adoption of 
knowledge 
management and 
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business 
intelligence. 

Future Opportunities Industry 4.0's 
improved decision-
making and 
automation 

Expansion in to AI-
driven KM/BI 
systems with 
predictive 
capabilities 

Possibilities for 
improved 
cooperation and 
safety in the future 
may be realised by 
combining 
blockchain 
technology with 
predictive analytics. 

Potential Risks Problems with 
cybersecurity and 
possible 
stubbornness 
towards change. 

Increased regulatory 
scrutiny and privacy 
concerns 

Regulatory hurdles 
and cybersecurity 
concerns are 
examples of risks 
that necessitate 
proactive risk 
management.  

Predicted ROI from 
KM/BI Sys 

20% ROI 35% ROI by 2030 A high return on 
investment (ROI) is 
an indication that 
KM/BI system 
investments will pay 
off in the end. 

Forecasted 
Employee 
Engagement Rate 

65% Engagement 
Rate 

85% engagement 
rate by 2030 

Forecasted increases 
in staff participation 
point to KM/BI 
systems' expanding 
importance in 
encouraging 

Table 6 Predictive Analysis 

Predictions suggest that KM and BI adoption will rise to 25% by 2030, up from the current 15%, 
driven by advancements in big data and AI. Growth opportunities include AI-driven KM and BI 
systems with predictive capabilities, along with the integration of blockchain and predictive 
analytics for enhanced collaboration and security. However, stricter regulations and increased 
privacy concerns, stemming from cybersecurity risks and resistance to change, are expected. To 
mitigate these risks, robust risk management plans are crucial. The ROI for KM and BI systems 
is projected to increase from 20% to 35% by 2030, while employee engagement is expected to 
grow from 65% to 85%, highlighting the systems' growing importance in fostering collaboration 
and involvement. 
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Figure 5 "Current vs Predicted Metrics for KM and BI in Industry 4.0"  

Predictions of substantial increase for KM and BI in Industry 4.0 are seen in the graph. The 
projected increases for adoption rates, return on investment, and employee involvement are as 
follows: 15% to 25% by 2030, 20% to 35%, and 65% to 85%, respectively. Knowledge 
management (KM) and business intelligence (BI) technologies are becoming increasingly 
valuable in fostering creativity, teamwork, and financial gains. 

Conclusion and Recommendation 

Knowledge management (KM) and business intelligence (BI) systems have a substantial effect 
on improving organisational performance, according to the report. Decision-making efficiency 
is greatly improved by BI tools, and KM practices have a big impact on innovation and 
productivity. Despite mixed views across channels, experts are bullish on KM and BI's game-
changing capabilities in the next Industry 4.0. Retail and banking are at the bottom of the KM 
and BI integration ladder, according to industry-specific benchmarks, while healthcare and 
manufacturing are at the top. There will be a dramatic increase in ROI, employee engagement, 
and adoption rates by the year 2030, according to predictive analytics. 

Future Directions 

Underperforming industries, such as retail and public administration, should be the focus of 
future study that aims to uncover their specific problems and opportunities. To enhance KM and 
BI capabilities, one can utilise emerging technologies like predictive analytics and blockchain. 
Pay close attention to the scalability issues that small and medium-sized enterprises (SMEs) 
encounter when implementing advanced knowledge management and business intelligence (BI) 
systems. If we want to know how KM and BI affect organisational performance and longevity 
over the long haul, we need longitudinal studies. 
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